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TLDR: We model word formation as a pragmatic speaker choice: selecting morphemes that maximize listener
recoverability while minimizing production cost. Across 4,323 English compounds and derivations (1820-2019),
an RSA-style model predicts attested forms over contemporaneous alternatives.

A Semantic Score
Cost Score

Why do languages pick this morpheme combination?

Languages constantly invent new words by combining existing parts.

computer FH, g tietokone
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All three combinations were morphologically available in all three
languages. Why do languages prefer one combination over others?

| will refer to this as a computer! j

Composition as a pragmatic speaker’s choice

Given a target concept ¢ and time t, which combination among Pragmatic Speaker

candidates C(c, t) is communicatively optimal or “rational™? Rational speech act framework

rT T T T T T T T T T T T = N T TT T T T T T T T T T T s e e > (Frank & Goodman, 2012; Goodman & Frank, 2016)
“Listener” (semantic compatibility) ‘I [ “Speaker” (production cost) |
* Needs to infer meaning from morphemes | : » Prefers low effort, short forms I
* Prefers clarity and recoverability "1 » Prefers common, familiar morphemes :
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I’ “Pragmatic speaker S; ” (Integrating informativeness and cost) :
o Si(ule Ly)x exp(log Lo(c|u,L;)— Cost(u, Lt)). ,' -
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Material and methods Results
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Limitations Future directions .
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